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Abstract
Herding is often considered as a phenomenon that drives prices of risky assets
away from their equilibrium levels. In this paper we study the on-course UK and
Australian horse betting markets. These are simple examples of imperfect markets for
state-contingent assets. We provide strong evidence of herding behavior and show
that the effects of herding are occasionally sufficient to render the markets inefficient
even in the weak sense. Furthermore, the results demonstrate that traders with inside
information are not always able to arbitrage away the effects of herding.

October 18, 2007

1

"Financial institutions have been adopting… [a trend chasing] investment strategy…
[so] it is perhaps not surprising that they have exhibited mediocre or bad
performance… A gambler is doomed to lose… if he constantly plays with
unfavorable odds." (Mei and Saunders,1997, p. 255).

A. Introduction
Herding in financial markets occurs when traders overestimate the information
contained in the actions of others. 1 Such behavior is inconsistent with the assumption
that markets are efficient and frictionless (Tirole, 1982), but empirical evidence
suggests that herding may have significant effect nevertheless even in relatively
sophisticated markets (Shiller, 1995, 2003, Mei and Saunders, 1997).
In this paper we study the behavior of traders in simple but large markets for
state contingent claims: 2 the on-course markets for horse betting in the UK and
Australia. Our evidence suggests that the herding effect may be of the same level of
magnitude as the favorite-long-shot bias. Thus, using a betting rule that takes this
effect into consideration can greatly reduce expected losses. Moreover, at least for the
betting market in Australia and in the period we study, the results suggest that there
may be a betting rule that is based on the herding effect and that allows modest
positive expected earnings. Previous evidence suggests that the UK betting market is
probably less similar to assets markets than the Australian betting market because the
UK betting market seems to be influenced by the actions of bettors who use their
market power to influence prices, an activity which is forbidden by law in most asset
markets. 3 We therefore interpret the different findings in the two markets as
strengthening the assumption that herding may have important effect on asset markets
(Von Norden 1996, Shiller, 2003).
In order to explain our findings we develop a simple model of betting markets
where some traders have inside information and all traders have cash constraints.
Shiller (2003) argues that imperfect credit markets may play an important role in the
pricing of assets. Thus, our model may be relevant to markets other than horse betting
markets.
1

Some models that capture this Keynesian "beauty contest" aspect of assets markets are Abbel (1990),
Froot et al. (1992) and Hirshleifer et al. (1994).
2
In Australia, for example, around US$10 billions are wagered every year on horse racing (Coleman,
2006).
3
For evidence on the UK market See, for example: Gabriel and Marsden (1990), Johnson and Sung
(2006) and Schnytzer and Snir (2006).

2

Beside cash constraints, one other possibility is that herding takes place
because when many traders act similarly this generates a misleading signal that
influences even informed traders (Shiller, 1995, Mei and Saunders, 1997). We do not
capture this effect in our model, but to the extent that such an effect exists, it may
exacerbate the herding effect in real world markets.
Our results are in line with findings reported in the literature on other asset
markets (Shiller, 1983, 1990, 1995, 2003, Von Norden, 1997, Mei and Saunders, 1997
and Edison et al. 2000). However, the simpler structure of the on-course horse betting
market enables us to identify the existence and extent of herding with greater certainty
and precision than is possible in other, more complicated markets.
In particular, since betting markets are bounded in time and the outcomes are
known with certainty, the search for a herding effect is not complicated by the
possibility that traders may change their preferences or expectation-generating
process (Flood and Hodrick, 1986, 1990). Further, profits in betting markets can be
made only while the market is open, and thus any deviations of the final set of prices
from predicted equilibrium levels must be the outcome of some inefficiency. 4
Several authors have taken advantage of the simple structure of betting
markets to try and look for the effects of herding. Law and Peel (2002) study
occasions when the final odds offered by bookmakers on runners are significantly
shorter than the initial odds. 5 They find evidence supporting the hypotheses that "herd
behavior… exist[s] in horse racing" (Law and Peel, 2002, p. 327). Shing (2006),
however, claims that the evidence does not support the herding hypothesis, and argues
that when odds offered on runners change significantly, it is normally associated with
genuine information.
Our approach is to focus on the dynamics of changes in the odds offered on
runners during the betting period. As we show, the odds offered on most runners
change monotonically or remain unchanged throughout the betting period. However,
the odds on certain runners change in a non-monotonic way. In these cases,
bookmakers either first lower the odds and then lengthen them or vice versa. It is
generally assumed that the goal of bookmakers is to ensure that they profit
4

Hurley and McDonough (1995) indeed show that in frictionless betting markets, a small number of
bettors with inside information can ensure that prices are efficient even if most traders have no
information at all.
5
This implies that the bookmakers increased the winning probability they assign to those runners.
Such changes in the odds usually occur in response to relatively large bets only.
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independently of which runners win (Craft, 1985). It follows that bookmakers
normally shorten the odds of runners when large bets are placed on them and lengthen
the odds when large bets are placed on other runners. Thus, cases where odds first
shorten and then lengthen are typically cases where traders place relatively large bets
on runners in the early stages of the betting period but stop doing so at later stages.
Most of the large bets at the later stages of the betting are placed on other runners.
Large early bets on runners are often associated with the actions of insiders (Crafts,
1985, Gabriel and Marsden, 1990, Law and Peel, 2002, Shilony and Schnytzer,
2005). 6
Early contraction in the odds therefore suggests that there are traders with
inside information who believe that the runners they backed have a greater winning
probability than that implied by the odds initially offered about them. However, a
short time later, when the odds on those runners are lengthened again, those insiders
are either unable or unwilling to place bets of sufficient significance to affect prices,
even when the odds on those runners have drifted back to initial levels or even
further. 7 This suggests that the effect of herding is strong enough to make insiders
unable to change the final pattern of prices, even though they have information
suggesting that the available set of prices is inefficient. It is likely that this occurs
because betting markets are effectively cash-only and insiders are likely to spend their
entire cash budget during the initial plunges. It also implies that when herding occurs,
the less informed bettors discard the information contained in the early changes in
prices and overestimate the weight they give to information contained in the behavior
of others, which is the inefficiency in herding suggested by Banerjee (1992, 1993).
This leads to the prediction that runners whose odds first contract and then lengthen
will be under-priced. The opposite should be the case for runners whose odds first
lengthen and then contract.
6

For example, consider the following quote from Gabriel and Marsden (1990, p. 878): "we would
expect … [insiders] to place early fixed odds bets with bookmakers." Consistent with this argument,
Law and Peel (2002) use the Shin (1993) procedure to estimate the share of insiders' trading in the
early and final stages of the betting period. They report that the share of trading by insiders in the early
stages is almost double the share of insiders' trading at later stages. We used a similar measure to check
the share of insiders' betting in the two markets we study. We find that the share of insider trading in
the UK in the early stages was larger than the share of insider trading in the later stages (2.5%
compared with 2.3%). In Australia we find that the share of trades by insiders is about 2.1% in both the
early and later stages of trading, a result that is consistent with the findings of Coleman (2006).
7
In our two data sets, occasions when the odds on runners where lengthened beyond (or to the same
level) of their opening values after initial contraction account for over one-third of the observations in
the UK data set and about 70% of the cases in Australia.
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Testing this hypothesis on data from the UK and Australian horse betting
markets suggests that herding has a significant effect on market outcomes and market
efficiency.
The rest of the paper is organized as follows: The next section presents a
simple theoretical model. Section C describes the market and the data sets. In sections
D we test some of the model's hypotheses. We conclude in section E.

B. Model
To see how herding may affect horse betting markets, consider the following
stylized model, that is based on Banerjee (1989, 1992) and Shin (1991).
In horse race j there are N j runners ( N j ≥ 2 ) and N j assets, indexed by
1,2…n. The market opens at time 1 and remains open for T periods. Each asset

i ∈ {1,2...n} costs 0 < pijt < 1 and represents a contingent claim to 1 in the event that
runner i wins race j . The winning probability of each runner is π ij and its
predicted winning probability - as given by public information - at each period is πˆijt .
Thus, bets on the winning runner earn 1 − pijt > 0 and bets on all other assets yield
negative returns of − p kjt , k ≠ i .
As in Banerjee (1989 and 1992), the goal of the bettors is to buy the asset that
yields positive returns (i.e. to bet on the winning runner). However, as also in
Banerjee (1989 and 1992), the identity of the winner is known only ex-post. Further,
most of the bettors are Outsiders. As such, they have no information on the winning
probabilities other than that captured by the prices. Outsiders can also observe the
actions of all the bettors who placed bets before them. Another and smaller class of
bettors is composed by Insiders. We assume that there are N j Insiders. Each insider
i , has private information that gives him the true winning probability of runner i ,

π ij .
We follow Shin (1991) and Banerjee (1989, 1992) and assume that outsiders
always bet when they have the opportunity, and they bet on the runner that they
believe is the likely winner. Since when betting begins the only information at their
disposal is that captured by the set of prices, they always bet on the runner whose
asset has the highest price (the favorite). Thus, as in Banerjee (1989, 1992), in the
absence of other information, outsiders bet on one asset and this makes deviations
5

observable. In order to maintain the similarity with Banerjee's 1989 model, we denote
(without loss of generality) the shortest-priced runner as runner n.
Insiders, who have private information, use it to bet on their own horses if its
winning probability exceeds its price; i.e. an insider i bets at period t on runner i if
p ijt < π ij . We assume, for simplicity, that at any given time during the betting only

one runner at most may be under-priced.
All bettors (both insiders and outsiders) can bet only once and when they bet
they buy one unit of some asset. Thus, once a bettor has placed a bet he cannot bet
again. This assumption captures the liquidity constraint in betting markets where
transactions are mostly made in cash and credit is rare. Thus, even large bettors can
normally place bets only a limited number of times.
As in Shin (1991, 1992) prices are set by a single bookmaker whose goal is to
maximize expected profits subject to the constraint that the total sum of prices does
not exceed a given maximum, sum ≥ 1 . 8 The bookmaker is risk neutral. He therefore
sets the initial set of prices such that: πˆ ij1 ≤ pij1 , i = 1,2...n and

n

∑ π̂
i =1

ij1

= sum . Because

the bookmaker knows that at OP, outsiders always support the shortest priced
favorite, they price it above its likely winning probability. That is, by assumption

π nj1 ≤ pnj1 . 9
As in Banerjee (1989, 1992), betting takes place sequentially, and one bettor
(either insider or outsider) places a bet at each period. At the beginning of each period
t ∈ {1,2...T } , insiders choose whether to bet. If they choose not to bet, then one

outsider (who knows the actions of all his predecessors) places a bet on the runner
that he believes to be the most likely winner.
Under these assumptions, the behavior of prices and bettors continue as following: In
period 1, if π ij ≤ pij1 for all runners, then no insider bets. The first bettor is therefore
an outsider who only observes prices and thus deduces that the highest winning
probability is that of the shortest-priced favorite, runner n . He thus bets on that
8

This is a simplifying assumption that captures the competitive nature of on-course bookmaking
markets, allowing bookmakers only minimum margins.
9
Changing this assumption so that πˆ nj1 ≤ pnj1 instead of π nj1 ≤ pnj1 would not change the model,
as long as such mistakes by bookmakers are not common. As we show below, if we change the model
in this way, it may be that insider n bets on runner n in the first round. However, since his action can
not be distinguished from that of outsiders, the other insiders and the outsiders behave in the same way
as in the case where none of the runners is undervalued.
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runner, as do all other bettors. By assumption, π nj1 ≤ pnj1 and thus, the risk neutral
bookmaker has no incentive to change prices. As a consequence, only outsiders bet on
runner n and prices do not change. 10 On the other hand, if for some runner i ,
pij1 < π ij , then insider i bets on runner i in period 1. Observing the action of bettor

1, all other agents learn that bettor 1 is an insider who knows that runner i is
undervalued, so that pij1 < π ij . The outsiders (and the bookmaker) therefore update
their expectations, so that πˆ ij 2 > πˆ ij1 . After updating expectations, it may be that
>

πˆij 2 = πˆ nj 2 (1).
<

The direction of the inequality in (1) depends on the distribution of probabilities and
on the initial difference between the prices of runners i and n . If, after calculating
the contingent probabilities, outsiders still believe that the winning probability of n is
greater, they will continue to bet on it. Knowing this, and knowing that there are no
more insiders who have private information on runner i , the bookmaker would
maintain prices unchanged, and take advantage of the fact that π nj1 ≤ pnj1 . Since prices
do not change, other insiders have no incentive to place bets. Thus, after period 1,
only outsiders bet and they all bet on runner n .
If, on the other hand, bettors decide that the value of (1) is such that the winning
probability of runner i is greater than that of n , then outsiders switch to betting on
runner i . In anticipation, the bookmaker increases the price of runner i so that the
price of runner i exceeds its expected probability. Thus, following the bet by the
insider, prices change so that: pij 2 ≥ πˆ ij 2 . In the process of raising the price of runner
i the bookmaker must also reduce the prices of other runners because he is
Nj

constrained by:

∑ πˆij1 = sum . It may therefore be that the price of some other runner
i =1

now drops below its true winning probability. We first consider the case where this
does not happen. In that case, all bettors place bets on runner i and the bookmaker
profits in expectation because pij 2 ≥ πˆ ij 2 .
In the case where the change in prices leads to some other runner, k , being under10

Assuming that the bookmaker is risk neutral and that he maximizes profits by taking advantage of
bettors favoring an over-priced runner is similar to the behavior found by Levitt (2004). If bookmakers
rather try to ”balance the books”, then they may minimize exposure by changing prices slightly to
make other runners more attractive.
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priced then the relevant insider k bets at period 2. Outsiders then learn that runner

k ’s new price under-estimates its true winning probability. Outsiders then have to
decide whether (given the initial set of prices) the winning probability of runner k is
greater than that of runner i . This is a similar problem to the one given in (1) with k
replacing i and i replacing n . Where outsiders assume that πˆ kj 2 < πˆ ij 2 , they will
keep backing runner i . The bookmaker would therefore maintain prices unchanged
and profit in expectation because pij 2 ≥ πˆ ij 2 . However, if πˆ kj 2 ≥ πˆ ij 2 then outsiders
would prefer to bet on runner k . The bookmaker would therefore have to increase the
price of k and reduce the price of some other assets. Since he loses in expectation to
any insider, 11 he would prefer not to give the opportunity of betting to insiders who
have not yet bet. Thus, the bookmaker prefers to reduce the price of runner i (because
the insider who has information on runner i has already placed his bet) and not the
price of any other runner. He therefore increases the price of k and reduces the price
of i . Since p kj 3 ≥ πˆ kj 3 it may be that pij 3 < πˆ ij 3 (indeed, if sum is close to 1 then this
is even likely). However this does not influence betting on runner k since, by
assumption, the insider who has this information cannot bet again, and outsiders, as in
Banerjee (1989), prefer to go with the herd.
The important conclusions from this simple model are that when a herd forms on
some runner i , the price of that runner is likely to over-estimate its winning
probability, since bookmakers profit in expectation. Thus, in all the scenarios of this
model, runners who enjoy high demand (are being herded) are likely to be overpriced. On the other hand, the price of runners whose price increases and then
decreases has some likelihood of underestimating their winning probability, because
bookmakers take advantage of the budget constraint that limits the actions of insiders.
Although it is extremely simple, the results of the model may be extended to more
complicated situations so long as the assumptions that insiders are cash-constrained
and outsiders are interested in picking winners hold. This implies that, as predicted by
Banerjee (1989, 1991), herding leads to a situation where ordinary bettors place too
few bets on some runners, leading to an unequal share of the profits between
bookmakers and bettors. If we were to assume with Banerjee (1989) that all agents
have similar utility functions, this would imply that herding leads to an inefficient
11

This follows from the assumption that insider i bets only if pijt < π ij .
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allocation of resources. This result may also be aggravated in environments where
insiders may be uncertain about the quality of their information and thus look on
herds as signaling information which they do not posses. At such times, herding may
cause even insiders to ignore their private information. Another similarity with
Banerjee’s (1989) model is that, as in his model, when there are gains for originality
(i.e. for being the first to pick a winner) herding still occurs but people with inside
information normally bet according to their signals. This suggests that our results may
also be relevant to other markets where there are credit constraints and investors try to
pick the most profitable investment.

C. Methodology and data

Our model implies that demand and prices of assets may change in response to
spot changes in prices. As a consequence, a one-time change in the price of an asset
may lead to herding, and prices may overshoot their value. The goal of this and the
next section is to test for the effects of herding on equilibrium prices in on-course
bookmakers’ horse betting markets in the UK and Australia.
Each data set covers one full season of betting on flat races with on-course
bookmakers. In both markets, the on-course bookmakers’ market is considered to be
highly competitive with normally between 10 – 50 bookmakers operating at each race
track (Shin, 1991, 1992, Bruce and Johnson, 2005). The market for bets usually opens
20 – 30 minutes before each race is run and the bookmakers offer bets at fixed odds. 12
The first set of odds they post at the time they open for bets are known as Opening

Prices (OP). As the market progresses, bookmakers often change odds in order to
manage their exposure. 13 The last set of prices that the bookmakers post before the
market closes (and the race starts) are known as the Starting Prices (SP).
The first data set we employ contains observations on all the races with six
runners or more that took place in the UK in 1995. The data set was provided by
Timeform and it contains information on 39,098 runners that took part in 3,562 races.
12

Fixed odds are a commitment by on-course bookmakers to pay bettors the quoted odds in the event
that the runner they back wins. Thus, bettors who bet at fixed odds know their contingent outcomes at
the time they place the bets. This feature makes betting with bookmakers different from pari-mutuel
markets where the outcomes are proportional to the final share of the bets placed on each runner. (For
more on pari-mutuel markets see for example: Thaler and Ziemba, 1988 and Gandar et al., 2001).
13
In over 42,000 observations that we have in our UK data set, fewer than 8.5% of the runners
maintained a constant price from the time the market opened and until it closed.

9

The second data set contains observations on all the flat races run at Metropolitan race
tracks in Australia in the 1997/8 season. It includes data on 43,056 runners that took
part in 3,654 races. 14 Since Metropolitan races tend to attract large audiences, offer
large prizes and attract considerable media attention, this data set may be expected to
exhibit a relatively small degree of any biases that might be associated with insider
activity (Vaughan Williams and Paton, 1997 and Bruce and Johnson, 2005).
Both data sets include information on opening and starting prices offered on
each runner and on its actual finishing place in the race. For some runners, the data
sets also include information on their price at some mid-point in the betting. This
information is apparently made available, in general, for runners whose price did not
change monotonically during the betting period. That is, this information is given for
runners whose prices decreased in the first stages of the betting period and then
increased or vice versa. 15 Observations on middle prices are provided for 18,107
runners in the UK data set and for 10,803 runners in the Australian Metropolitan
races.
Table 1 summarizes some of the key information on the two markets.

Table 1: Summary Statistics
Number of

Number of

horses

races

UK

39,098

3,562

Metropolitan

43,056

3,654

Median
Number of
Runners
12

12

Table 1: Number of horses is the total number of starters. The first row is for
observations on races run in the UK in the 1995 season. The second row is for
observations on Metropolitan races run in Australia in the 1997/8 season.

14

The data come from the CD version of the "Australasian Racing Encyclopedia '98”.
In the full data set that includes information on the UK, Victorian and Metropolitan meetings
throughout Australia, there were only 164 cases where the middle price was given for horses whose
middle price was between their OP and SP.
15
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D. Tests

If betting markets are efficient, then the final set of prices posted by the
bookmakers before the market closes should represent equilibrium prices that
summarize all the available information. It follows that in efficient betting markets,
the final sets of prices should be the best unbiased estimator of winning probabilities.
Standard tests for market efficiency therefore check whether any other information
can improve winning probabilities when controlling for the closing odds (SP), and
whether this information permits positive profits to be made. It has been found that, in
most betting markets, odds are not an unbiased predictor of probabilities. The closing
odds tend to overestimate the probabilities of low-probability runners and
underestimate the probability of high-probability runners.16 This implies that in most
betting markets, betting on low-probability runners (long-shots) leads to greater
expected losses than betting on favorites, although the favorite- longshot bias is
normally not sufficiently pronounced to allow for positive net expected profits
(Crafts, 1985, Sauer, 1998, Gandar et al. 2001, Johnson and Sung, 2006). Testing for
a bias in the pricing that is the result of herding should therefore show that there is a
bias in the pricing that can be associated with herding, and that this bias may be
distinguished from the favorite-longshot bias. Our theoretical model implies that
runners whose odds shortened and then lengthened during the betting period should
be under-priced whereas runners whose odds lengthened and then contracted should
be overpriced.
To test this hypothesis we define the following variables:
oodds ij - The opening odds of runner i in race j .
moddsij - The middle odds of runner i in race j (where provided in the data set).
soddsij - The starting price (final odds) of runner i in race j .
sreturns ij - The returns to betting 1 on runner i in race j at starting prices. The

returns equal soddsij if the runner won the race and -1 otherwise.
opriceij - The price of a contingent claim to 1 in the event that runner i wins race j

at its opening odds.
16

The favorite-longshot bias has been found in most betting markets, including the horse betting
markets in the US, Australia, the UK and New Zealand. See, for example: Thaler and Ziemba (1988),
Vaughan-Williams (1997), Sauer (1998), Gandar et al. (2001), Bruce and Johnson (2005) and Coleman
(2006). One market which seems to be free from such a bias is the Hong Kong market, in which a
reverse bias has been found (Busche and Hall, 1988).
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spriceij - The price of a contingent claim to 1 in the event that runner i wins race j at

its starting price.
mpriceij - The price of a contingent claim to 1 in the event that runner i wins race j

at its middle odds (where provided in the data set).
The prices ( opriceij , mpriceij and spriceij ) are calculated by finding the price that
solves:

oddsij =

1 − priceij

(4)

priceij

where priceij is either opriceij , mpriceij or spriceij and odds is either oodds ij ,
moddsij or soddsij , respectively.

To capture the effect of changes in prices during betting on the subjective winning
probabilities, we define three more variables:
⎛ 1 − spriceij ⎞
⎟
ospij = ln⎜
⎜ 1 − opriceij ⎟
⎝
⎠
⎛ 1 − opriceij ⎞
⎟
mopij = ln⎜
⎜ 1 − mpriceij ⎟
⎝
⎠
⎛ 1 − spriceij
mspij = ln⎜
⎜ 1 − mpriceij
⎝

⎞
⎟
⎟
⎠

These three variables capture the magnitude of the change in the price between
the opening and closing odds, the opening and middle odds and between the middle
and the closing odds, respectively. They are positive in the event that the starting price
is smaller than the middle or opening price and if the opening price is lower than the
middle price (in which case there has been an early plunge), and negative otherwise.
Measuring the changes in logarithms has the advantage that it gives more weight to
observations with shorter odds (higher implied probabilities).17 Finally, we define two
dummy variables:

17

See: Law and Peel (2001) and Shing (2006).
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mp _ sp _ up _ down , that receives the value of 1 if the middle odds are shorter than

both the opening and starting odds and 0 otherwise, and
mp _ sp _ down _ up , that receives the value of 1 in the event that the middle odds are

longer than both the opening and starting odds.
Gandar et al (2001) show that estimating a regression on the returns from a bet
of 1 on each runner as a function of its starting price measures the extent of the
favorite – longshot bias in a market. We therefore estimate such a regression for the
UK and Australian markets. We add to the regression our measure of movement in
the prices between the Opening Prices and Starting Prices and for movements
between Middle Prices and Starting Prices. If our hypothesis that herding significantly
affects outcome is correct, then we should find that the returns on runners whose odds
shortened between the Middle Price and Starting Prices should be lower (ceteris
paribus) than the returns on other runners, since the reduction in the odds is associated
with herding. On the other hand, we should expect that the returns on runners whose
odds lengthened between the Middle Prices and Starting Prices to be greater than the
return on other runners. We estimate the regression using a Tobit model, since the
dependent variable is censored at -1. We also cluster the observations by race to
control for possible heteroscedasticity. The results for the two markets are given in
Table 2.
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Table 2: The effect of change in prices between Middle Prices and Starting Prices
Variables

sodds

osp

mp _ sp _ up _ down × msp

mp _ sp _ down _ up × msp

Constant

χ (24)
Observations

UK

Australia

-0.68***

-0.47***

(0.025)

(0.02)

-0.85

11.01***

(2.79)

(3.64)

47.29***

71.26***

(12.65)

(16.21)

-36.99***

-59.17***

(5.02)

(7.3)

-15.05***

-21.62***

(0.375)

(0.43)

2,103***

1,699***

39,098

43,056

Table 2: Dependent variable: The returns to a bet of 1 on each runner (sreturns). Robust (clustered by
race) standard deviations are reported in parenthesis.
***- The coefficient is Significant at the 1% level.

The results strongly support the hypothesis that herding plays a significant role
in driving prices in both markets. The negative and significant coefficient of sodds
shows the expected effect of the favorite – longshot bias in the two markets. The
negative coefficient implies that when the odds on a runner shorten, the expected
returns from a bet on it increase by more than suggested by the reduction in the odds.
The positive coefficient on osp in Australia suggests that runners whose odds contract
during the betting tend to have higher winning probabilities (the insignificant
coefficient in the UK suggests that this information is captured fully in the final set of
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odds). Both those results are common in betting markets (Shing, 2006), but the
positive and significant coefficient in Australia suggests that plunges contain more
information there, perhaps due to some institutional differences. Schnytzer and Snir
(2006), for example, suggest that at the time these data sets were collected, off-course

SP bookmakers in the UK may have used their market power to influence prices, a
phenomenon that did not exist in Australia.
Most importantly, the coefficients on the interactions between non-monotonic
changes in prices during the betting period and the magnitude of the change are
significant and have the signs as predicted by our model. Thus, the coefficient on
runners whose odds fell between the middle of the betting period and the closing of
the market is positive and significant. This implies that the odds on those runners
were too long despite the fact that the initial contraction in the price suggested that
those runners had higher than initially expected winning probabilities. Nevertheless,
this information did not affect trading at the later stages of the betting period, which
implies that bettors discounted the early information too much, an indirect feature of
herding.
The coefficient on the interaction between runners whose odds contracted after
they initially lengthened is negative and significant. This implies that the odds on
those runners contracted too far, suggesting that bettors kept on backing them even
when their price over-estimated their true winning probabilities, which is a direct
indication of herding behavior. The magnitude of the herding effect can be interpreted
by calculating the elasticity of the probability with regard to the different variables.
According to the results, at the mean, a contraction in the odds between the middle of
the betting and the closing of the market for runners whose odds initially lengthened
that led to a fall in msp by 1% leads to a fall of 0.34% in the expected profits in
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Australia and 0.4% in the UK. When msp increases by 1%, the expected profits
increase by 0.07% in Australia and 0.05% in the UK. 18 The sharp drop in expected
profits when msp decreases is an indication of the strength of the herding effect:
Although the expected profits drop, the demand for the runners that are being herded
does not seem to drop in the same proportion.. The modest increase in expected
profits when msp increases is probably a consequence of the fact that bookmakers
hedge themselves against possible losses when they decrease prices.
Thus, the results testify to the existence of a herding effect. To test its practical
significance, we simulate betting on different classes of runners according to their

mop and msp values. 19 Since Starting Prices should represent equilibrium prices
(Dowie, 1976 and Crafts, 1985), then in markets that are efficient in the weak sense it
should be impossible to generate expected positive profits on any class of runners by
using only information on prices (Fama, 1970, Sauer, 1998). On the other hand, if our
hypothesis is correct and herding leads to significant pricing biases, then runners
whose price initially shortened and then lengthened (mop>0 and msp>0) should be
undervalued and thus may provide profitable betting opportunities. At the same time,
runners whose odds initially lengthened and then contracted (mop<0 and msp>0) are
likely to be overpriced, and are therefore may be expected to yield smaller than
normal profits, where by normal profits we mean the expected profits (losses) from
betting on all runners. Since bookmakers profit from the margin they set between the
price and their perception of the actual winning probability, only large biases should
permit finding profitable betting rules. We therefore differentiate between runners
18

The greater drop in expected profits as a result of a fall in msp in the UK when compared with
Australia and the greater responsiveness in Australia to an increase in msp may be explained by the
different interests of some of the larger bettors in the two markets. See: Schnytzer and Snir (2006).
19
Simulating betting on runners in those markets may not be considered as an out-of-sample test
because we use the same information sources for our regressions analyses. However, the results are
highly suggestive and the discovery of a profitable wagering rule provides strong support for our
hypothesis.
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whose mop and msp are both greater than 0.1 and those of other runners. 20 For such
runners, the large changes between their initial, middle and final odds suggest that a
large amount of herding occurred on other runners despite the fact that insiders placed
relative large bets on these horses in the early stages of the betting. This class of
runners is therefore the most likely to be undervalued.
We simulate betting a sum of

10
on each runner. We choose this rule
1 + sodds

because it ensures that we bet a sum that is proportional to the odds, thus rendering
our results relatively robust to spurious successful bets on low probability runners.
The results are given in Table 3, and they generally support our theory. Runners
whose odds contracted and then lengthened (the bottom two rows) always offer better
returns than the general population of runners (the middle row), which implies that
bettors do not stop herding on other runners even when runners in this group are
priced below their winning probabilities. Moreover, the bottom two rows imply that
the herding effect is sometimes large enough to offer profit opportunities in both
markets. On the other hand, when the odds of runners first lengthen and then shorten,
the results indicate that the relevant runners are indeed overpriced with respect to their
true winning probabilities.
One prominent feature of our findings is that for the UK, profits seem to be
smaller and are obtained only when the herding effect is more extreme than in the
Australian metropolitan market. As we argue in the introduction, previous studies
have shown that the betting market in the UK seems to be less efficient than other
betting markets (Bruce and Johnson, 2005, Johnson and Sung, 2006). Schnytzer and
Snir (2006) argue that some of those inefficiencies may be explained by the presence

20

The values of omp>0.1 and msp>0.1 are similar to those used by Law and Peel (2002) to define
large plunges.
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of off-course SP bookmakers in the UK who participate in the on-course betting with
the goal of affecting prices. Schnytzer and Snir (2006) explore this issue in detail. On
the other hand, SP betting is illegal in Australia and off-course bettors have sufficient
scope for betting to ensure that any SP bookmakers which do exist have no impact on
the on-course market. We therefore expect the Australian Metropolitan market to
exhibit patterns that are more similar to other asset markets. We also expect the
herding effect in Australia to be stronger because prices in the UK may be influenced
by off-course SP bookmakers who may intervene in the market when the prices of
runners fall. To check this hypothesis, we simulated betting £1 on every runner in
both Australia and the UK for which mop>0.1 and msp>0. In other words, we
simulated betting on a runner if there was an early plunge on this runner and the effect
of the plunge did not last until the end of the betting period (i.e. the bettors moved to
bet on other runners). Under the hypothesis that in Australia there are fewer traders
with market power, we expect that betting on such runners would yield higher returns
there. As expected, we find that in using this rule on the Australian database yields
4.73% profit from betting on 73 runners belonging to that category. At the same time,
following the same rule yields a negative profit of -13% in the UK (343 runners).
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Table 3: Returns to bets on runners according to their msp and mop values.

Mop
UK

Australia

Msp
Total
Runners

Total
Winners

Profits

Runners

bet
mop < −0.1

Winners

Profits

bet

152

736.1

38%

-21.2%

74

344.6

33%

-27.2%

msp < 0

16,812

23,524.3

12%

-.13.3%

9,113

13,868.4

13.1%

-14.0%

All Runners

39,098

4,4204.6

9.1%

-19.4%

43,056

45,422.3

8.5%

-19.2

1,284

2,575.4

17.7%

-11.5%

1,207

2104.4

14.6%

-15%

30

118.9

30%

-10.3

15

51.98

40%

15.3%

10

36.83

50%

8.5%

0

---

---

---

msp < −0.1
mop < 0

mop > 0
msp > 0
mop > 0.1
msp > 0.1
mop > 0.1
msp > 0.15
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Table 3: Returns from betting a sum of

10
on runners according to their mop and msp values.
1+ sodds

The Total bet columns gives the total sum bet on runners in each category. The winner columns give
the percentage of winners belonging to that category. The Profits columns give the share of the returns
for betting on runners in that category.

E. Conclusions
21

It is possible to generate positive profits for mop>0.07 and msp>0.07 in Australia and mop>0.1 and
msp>0.12 in the UK. In this case the number of runners belonging to the profitable category in
Australia is 35 and the generated profit is 2.5%. In the UK, the number of runners in the profitable
category is 18 and profit rate of 7.8%.
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Understanding traders' behavior in asset markets is an important issue
for understanding market behavior and efficiency. Some authors suggest that herding
may be a factor that affects traders and biases their actions so that prices are not set
efficiently (Banerjee, 1992, Shiller, 2003). In this paper, we study the on-course two
bookmakers’ horse betting markets, simple markets for state contingent assets. We
find that, using information on non-monotonic movements of prices during the trading
period, we can identify a significant herding effect in both markets. This herding
effect seems to be strong enough to bias prices away from equilibrium values even
when there is evidence that traders with inside information are present in the market
place. Thus, our findings suggest the existence of a significant herding effect. We
show that the effect is occasionally strong enough to allow profitable betting rules,
and thus breach even weak-form market efficiency. We find that our results are
especially strong in the Australian Metropolitan races where there are no off-course
SP bookmakers, thus making them more similar to other asset markets.
Thus we find that contrary to the predictions of the efficient market theory, the
existence of better informed traders is not a sufficient condition for ensuring market
efficiency. In particular, one important constraint on the activity of traders in these
markets is that most transactions are made in cash, and therefore inside traders may
find themselves credit constrained. These results are consistent with the predictions of
models that view credit constraints as important in asset markets (Shiller, 2003), and
they therefore suggest that our results may be extended to such markets as well.

References

Abbel, Andrew B. (1990), "Asset Prices under Habit Formation and Catching Up with
the Jonases," American Economic Review 80,2: 38–42.

20

Banerjee, Ahijit V. (1992), "A Simple Model of Herd Behavior," Quarterly Journal of

Economics, 107,3: 797-817.
Banerjee, Ahijit V. (1993), "The Economics of Rumors," Review of Economic Studies
60,2: 309–327.
Bruce, Alisair C. and Johnnie E.V. Johnson (2005), "Market Ecology and Decision
Behavior in State-Contingent Claims Markets," Journal of Economic Behavior and

Organization 56: 199-217.
Busche, Kelly and Christopher Hall (1988), "An Exception to the Risk Preference
Anomaly," Journal of Business 61: 337-346.
Carlton, D.W. and J. M. Perloff (1994), Modern Industrial Organization, 3rd edition,
(New York, NY: Harper-Collins-College-Publishers).
Coleman, Les (2006), "Just How Serious is Insider Trading? An Evaluation using
Thouroubred Wagering Markets," working paper.
Crafts N.F.R (1985), "Some Evidence of Insider Knowledge in Horse Race Betting in
Britain," Economica 52,207: 295-304.
Dowie, Jack (1976), "On the Efficiency and Equity of Betting Markets," Economica
43,170: 139-150.
Fama, E. F. (1970), "Efficient Capital Markets: A Review of Theory and Empirical
Work," Journal of Finance 53, 383–498.
Figlewski, Stephen (1979), "Subjective Information and Market Efficiency in a
Betting Market," Journal of Political Economy 87,1: 75-88.
Gabriel, Paul E. and Marsden James R. (1990), "An Examination of Market
Efficiency in British Racetrack Betting," Journal of Political Economy 98,4: 874-885.
Gandar, John, M., Richard A. Zuber and R. Stafford Johnson (2001), "Searching for
the Favourite-Longshot Bias Down Under: An Examination of the New-Zealand PariMutuel Betting Market," Applied Economics 33: 1621-1629.
Hirshleifer, David A., Avanidhar Subrahmanyam and Sheridan Titman (1994),
"Security Analysis and Trading Patterns When Some Investors Receive Information
Before Others," Journal of Finance 49: 1665–1698.

21

Hurley, Williams and Lawrence McDonough (1995), "A Note on the Hayek
Hypothesis and the Favorite Long Shot Bias in Parimutuel Betting," American

Economic Review 85,4: 949-955.
Johnson, Johnnie E.V. and Sung (2006), "Revealing Weak Form Inefficiency in a
Market for State Contingent Claims," Working Paper.
Law, David and David A. Peel (2002), "Insider Trading, Herding Behavior and
Market Plungers in the British Horse-race Betting Market," Economic Journal 69, 327
– 338.
Levitt, Steven D. (2004), "Why are Gambling Markets Organized so Differently from
Financial Markets?" Economic Journal 114: 223-246.
Sauer, Raymond D. (1998), "The Economics of Wagering Markets," Journal of

Economic Literature 36,4: 2021-2064.
Schnytzer, Adi and Yuval Shilony (1995) ,"Inside Information in a Betting Market,"

Economic Journal 105: 963-971.
Schnytzer, Adi and Yuval Shilony (2005), "Insider-Trading and Bias in a Market for
State-Contingent Claims," in L. Vaughn Williams (ed.) Information Efficiency in

Financial and Betting Markets, Cambridge University Press, 287-312.
Schnytzer, Adi and Avichai Snir (2006), "SP Betting as a Self-Enforcing Implicit
Cartel," Journal of Gambling Business and Economics, forthcoming.
Shiller, Robert J. (1990), "Market Volatility and Investor Behavior," American

Economic Review 80,2: 58–62.
Shiller, Robert J. (1995), "Conversation, Information and Herd Behavior," American

Economic Review 85,2: 181-185.
Shiller, Robert J. (2003), "From Efficient Markets Theory to Behavioral Finance,"

Journal of Economic Perspectives 17,1: 83–104.
Shin, Hyun Song (1993), "Measuring the Incidence of Insider Trading in a Market for
State-Contingent Claims," Economic Journal 103,420: 1141-1153.
Shin, Hyun Song (1992), "Prices of State Contingent Claims with Insider Traders and
Favorite-Longshot Bias," Economic Journal 102,411: 426-435.
Shin, Hyun Song (1991), "Optimal Betting Odds against Insider Traders," Economic

Journal 101,408: 1179-1185.

22

Shing, Hui Fai (2006), "The Economics of Betting Markets," Unpublished Ph.D.
thesis, University of London.
Thaler, Richard H. and Williams T. Ziemba (1988), "Anomalies: Parimutuel Betting
Markets: Racetrack and Lotteries," Journal of Economic Perspective 2,2:161-174.
Tirole, Jean (1982), "On the Possibility of Speculation under Rational Expectations,"

Econometrica 50,5: 1163–1182.
Van Norden, Simon (1996), "Regime Switching as a Test for Exchange Rate
Bubbles," Journal of Applied Economics 11,3: 219–251.
Vaugan Williams, Leighton and David Paton (1997), "Why is there a favoriteLongshot Bias in British Racetrack Betting Markets?" Economic Journal 107,440:
150-158.

23

Bar-Illan Univ
versity
Deepartmeent of Econom
E
mics
WORK
W
KING PAPERS
S
1‐011

The Optimal Size for
f a Minor ity
Hillel Raapoport and
d Avi Weisss, January 20
001.

2‐011

An App
plication of a Switchingg Regimes Regression
R
to the Studdy of Urban
Structu
ure
Gershon Alperovicch and Josepph Deutsch,, January 20
001.

3‐011

The Kuzznets Curve
e and the Im
mpact of Va
arious Incom
me Sourcess on the Linkk
Betwee
en Inequalitty and Deveelopment
Joseph Deutsch an
nd Jacques SSilber, Febru
uary 2001.

4‐011

Internaational Asse
et Allocation
n: A New Perspective
Abraham Lioui and
d Patrice Pooncet, Febru
uary 2001.

5‐011

מודל המועדון והקהיללה החרדית
.2001  פברוארר,ברג
יעקב רוזנב

6‐011

Multi‐G
Generation Model of Im
mmigrant Earnings:
E
Th
heory and A
Application
Gil S. Ep
pstein and Tikva
T
Leckerr, February 2001.

7‐011

Shatterred Rails, Ru
uined Crediit: Financial Fragility and Railroadd Operation
ns in
the Gre
eat Depresssion
Daniel A.
A Schiffman, Februaryy 2001.

8‐011

Cooperration and Competition
C
n in a Duop
poly R&D Market
M
Damian
no Bruno Silipo and Avii Weiss, Maarch 2001.

9‐011

A Theory of Immiggration Amn
nesties
pstein and Avi
A Weiss, A
April 2001.
Gil S. Ep

10‐001 Dynamic Asset Pricing With N
Non‐Redund
dant Forwa
ards
Abraham Lioui and
d Patrice Pooncet, May 2001.
2
11‐001 Macroe
economic and Labor M
Market Impa
act of Russian Immigraation in Isra
ael
Sarit Co
ohen and Ch
hang‐Tai Hssieh, May 20
001.

Electr
ronic vers
sions of t
the paper
rs are ava
ailable at
http:/
//www.biu
u.ac.il/s
soc/ec/w
wp/workin
ng_papers
s.html

12‐01 Network Topology and the Efficiency of Equilibrium
Igal Milchtaich, June 2001.
13‐01 General Equilibrium Pricing of Trading Strategy Risk
Abraham Lioui and Patrice Poncet, July 2001.
14‐01 Social Conformity and Child Labor
Shirit Katav‐Herz, July 2001.
15‐01 Determinants of Railroad Capital Structure, 1830–1885
Daniel A. Schiffman, July 2001.
16‐01 Political‐Legal Institutions and the Railroad Financing Mix, 1885–1929
Daniel A. Schiffman, September 2001.
17‐01 Macroeconomic Instability, Migration, and the Option Value of Education
Eliakim Katz and Hillel Rapoport, October 2001.
18‐01 Property Rights, Theft, and Efficiency: The Biblical Waiver of Fines in the
Case of Confessed Theft
Eliakim Katz and Jacob Rosenberg, November 2001.
19‐01 Ethnic Discrimination and the Migration of Skilled Labor
Frédéric Docquier and Hillel Rapoport, December 2001.
1‐02

Can Vocational Education Improve the Wages of Minorities and
Disadvantaged Groups? The Case of Israel
Shoshana Neuman and Adrian Ziderman, February 2002.

2‐02

What Can the Price Gap between Branded and Private Label Products Tell
Us about Markups?
Robert Barsky, Mark Bergen, Shantanu Dutta, and Daniel Levy, March 2002.

3‐02

Holiday Price Rigidity and Cost of Price Adjustment
Daniel Levy, Georg Müller, Shantanu Dutta, and Mark Bergen, March 2002.

4‐02

Computation of Completely Mixed Equilibrium Payoffs
Igal Milchtaich, March 2002.

5‐02

Coordination and Critical Mass in a Network Market – An Experimental
Evaluation
Amir Etziony and Avi Weiss, March 2002.

6‐02

Inviting Competition to Achieve Critical Mass
Amir Etziony and Avi Weiss, April 2002.

7‐02

Credibility, Pre‐Production and Inviting Competition in a Network Market
Amir Etziony and Avi Weiss, April 2002.

8‐02

Brain Drain and LDCs’ Growth: Winners and Losers
Michel Beine, Fréderic Docquier, and Hillel Rapoport, April 2002.

9‐02

Heterogeneity in Price Rigidity: Evidence from a Case Study Using Micro‐
Level Data
Daniel Levy, Shantanu Dutta, and Mark Bergen, April 2002.

10‐02 Price Flexibility in Channels of Distribution: Evidence from Scanner Data
Shantanu Dutta, Mark Bergen, and Daniel Levy, April 2002.
11‐02 Acquired Cooperation in Finite‐Horizon Dynamic Games
Igal Milchtaich and Avi Weiss, April 2002.
12‐02 Cointegration in Frequency Domain
Daniel Levy, May 2002.
13‐02 Which Voting Rules Elicit Informative Voting?
Ruth Ben‐Yashar and Igal Milchtaich, May 2002.
14‐02 Fertility, Non‐Altruism and Economic Growth: Industrialization in the
Nineteenth Century
Elise S. Brezis, October 2002.
15‐02 Changes in the Recruitment and Education of the Power Elitesin Twentieth
Century Western Democracies
Elise S. Brezis and François Crouzet, November 2002.
16‐02 On the Typical Spectral Shape of an Economic Variable
Daniel Levy and Hashem Dezhbakhsh, December 2002.
17‐02 International Evidence on Output Fluctuation and Shock Persistence
Daniel Levy and Hashem Dezhbakhsh, December 2002.
1‐03

Topological Conditions for Uniqueness of Equilibrium in Networks
Igal Milchtaich, March 2003.

2‐03

Is the Feldstein‐Horioka Puzzle Really a Puzzle?
Daniel Levy, June 2003.

3‐03

Growth and Convergence across the US: Evidence from County‐Level Data
Matthew Higgins, Daniel Levy, and Andrew Young, June 2003.

4‐03

Economic Growth and Endogenous Intergenerational Altruism
Hillel Rapoport and Jean‐Pierre Vidal, June 2003.

5‐03

Remittances and Inequality: A Dynamic Migration Model
Frédéric Docquier and Hillel Rapoport, June 2003.

6‐03

Sigma Convergence Versus Beta Convergence: Evidence from U.S. County‐
Level Data
Andrew T. Young, Matthew J. Higgins, and Daniel Levy, September 2003.

7‐03

Managerial and Customer Costs of Price Adjustment: Direct Evidence from
Industrial Markets
Mark J. Zbaracki, Mark Ritson, Daniel Levy, Shantanu Dutta, and Mark Bergen,
September 2003.

8‐03

First and Second Best Voting Rules in Committees
Ruth Ben‐Yashar and Igal Milchtaich, October 2003.

9‐03

Shattering the Myth of Costless Price Changes: Emerging Perspectives on
Dynamic Pricing
Mark Bergen, Shantanu Dutta, Daniel Levy, Mark Ritson, and Mark J. Zbaracki,
November 2003.

1‐04

Heterogeneity in Convergence Rates and Income Determination across U.S.
States: Evidence from County‐Level Data
Andrew T. Young, Matthew J. Higgins, and Daniel Levy, January 2004.

2‐04

“The Real Thing:” Nominal Price Rigidity of the Nickel Coke, 1886‐1959
Daniel Levy and Andrew T. Young, February 2004.

3‐04

Network Effects and the Dynamics of Migration and Inequality: Theory and
Evidence from Mexico
David Mckenzie and Hillel Rapoport, March 2004.

4‐04

Migration Selectivity and the Evolution of Spatial Inequality
Ravi Kanbur and Hillel Rapoport, March 2004.

5‐04

Many Types of Human Capital and Many Roles in U.S. Growth: Evidence
from County‐Level Educational Attainment Data
Andrew T. Young, Daniel Levy and Matthew J. Higgins, March 2004.

6‐04

When Little Things Mean a Lot: On the Inefficiency of Item Pricing Laws
Mark Bergen, Daniel Levy, Sourav Ray, Paul H. Rubin and Benjamin Zeliger,
May 2004.

7‐04

Comparative Statics of Altruism and Spite
Igal Milchtaich, June 2004.

8‐04

Asymmetric Price Adjustment in the Small: An Implication of Rational
Inattention
Daniel Levy, Haipeng (Allan) Chen, Sourav Ray and Mark Bergen, July 2004.

1‐05

Private Label Price Rigidity during Holiday Periods
Georg Müller, Mark Bergen, Shantanu Dutta and Daniel Levy, March 2005.

2‐05

Asymmetric Wholesale Pricing: Theory and Evidence
Sourav Ray, Haipeng (Allan) Chen, Mark Bergen and Daniel Levy,
March 2005.

3‐05

Beyond the Cost of Price Adjustment: Investments in Pricing Capital
Mark Zbaracki, Mark Bergen, Shantanu Dutta, Daniel Levy and Mark Ritson,
May 2005.

4‐05

Explicit Evidence on an Implicit Contract
Andrew T. Young and Daniel Levy, June 2005.

5‐05

Popular Perceptions and Political Economy in the Contrived World of Harry
Potter
Avichai Snir and Daniel Levy, September 2005.

6‐05

Growth and Convergence across the US: Evidence from County‐Level Data
(revised version)
Matthew J. Higgins, Daniel Levy, and Andrew T. Young , September 2005.

1‐06

Sigma Convergence Versus Beta Convergence: Evidence from U.S. County‐
Level Data (revised version)
Andrew T. Young, Matthew J. Higgins, and Daniel Levy, June 2006.

2‐06

Price Rigidity and Flexibility: Recent Theoretical Developments
Daniel Levy, September 2006.

3‐06

The Anatomy of a Price Cut: Discovering Organizational Sources of the Costs
of Price Adjustment
Mark J. Zbaracki, Mark Bergen, and Daniel Levy, September 2006.

4‐06

Holiday Non‐Price Rigidity and Cost of Adjustment
Georg Müller, Mark Bergen, Shantanu Dutta, and Daniel Levy.
September 2006.

2008‐01

Weighted Congestion Games With Separable Preferences

Igal Milchtaich, October 2008.
2008‐02
Federal, State, and Local Governments: Evaluating their Separate
Roles in US Growth
Andrew T. Young, Daniel Levy, and Matthew J. Higgins, December 2008.
2008‐03

Political Profit and the Invention of Modern Currency

Dror Goldberg, December 2008.
2008‐04

Static Stability in Games

Igal Milchtaich, December 2008.
2008‐05

Comparative Statics of Altruism and Spite

Igal Milchtaich, December 2008.
2008‐06
Abortion and Human Capital Accumulation: A Contribution to the
Understanding of the Gender Gap in Education
Leonid V. Azarnert, December 2008.
2008‐07
Involuntary Integration in Public Education, Fertility and Human
Capital
Leonid V. Azarnert, December 2008.
2009‐01

Inter‐Ethnic Redistribution and Human Capital Investments

Leonid V. Azarnert, January 2009.
2009‐02
Group Specific Public Goods, Orchestration of Interest Groups and
Free Riding
Gil S. Epstein and Yosef Mealem, January 2009.
2009‐03

Holiday Price Rigidity and Cost of Price Adjustment

Daniel Levy, Haipeng Chen, Georg Müller, Shantanu Dutta, and Mark Bergen,
February 2009.
2009‐04

Legal Tender

Dror Goldberg, April 2009.
2009‐05

The Tax‐Foundation Theory of Fiat Money

Dror Goldberg, April 2009.

2009‐06

The Inventions and Diffusion of Hyperinflatable Currency

Dror Goldberg, April 2009.
2009‐07

The Rise and Fall of America’s First Bank

Dror Goldberg, April 2009.
2009‐08

Judicial Independence and the Validity of Controverted Elections

Raphaël Franck, April 2009.
2009‐09

A General Index of Inherent Risk

Adi Schnytzer and Sara Westreich, April 2009.
2009‐10

Measuring the Extent of Inside Trading in Horse Betting Markets

Adi Schnytzer, Martien Lamers and Vasiliki Makropoulou, April 2009.
2009‐11
The Impact of Insider Trading on Forecasting in a Bookmakers' Horse
Betting Market
Adi Schnytzer, Martien Lamers and Vasiliki Makropoulou, April 2009.
2009‐12

Foreign Aid, Fertility and Population Growth: Evidence from Africa

Leonid V. Azarnert, April 2009.
2009‐13
A Reevaluation of the Role of Family in Immigrants’ Labor Market
Activity: Evidence from a Comparison of Single and Married Immigrants
Sarit Cohen‐Goldner, Chemi Gotlibovski and Nava Kahana, May 2009.
2009‐14
The Efficient and Fair Approval of “Multiple‐Cost–Single‐Benefit”
Projects Under Unilateral Information
Nava Kahanaa, Yosef Mealem and Shmuel Nitzan, May 2009.
2009‐15
Après nous le Déluge: Fertility and the Intensity of Struggle against
Immigration
Leonid V. Azarnert, June 2009.
2009‐16

Is Specialization Desirable in Committee Decision Making?

Ruth Ben‐Yashar, Winston T.H. Koh and Shmuel Nitzan, June 2009.
2009‐17

Framing‐Based Choice: A Model of Decision‐Making Under Risk

Kobi Kriesler and Shmuel Nitzan, June 2009.
2009‐18
Demystifying the ‘Metric Approach to Social Compromise with the
Unanimity Criterion’
Shmuel Nitzan, June 2009.

2009‐19

On the Robustness of Brain Gain Estimates

Michel Beine, Frédéric Docquier and Hillel Rapoport, July 2009.
2009‐20

Wage Mobility in Israel: The Effect of Sectoral Concentration

Ana Rute Cardoso, Shoshana Neuman and Adrian Ziderman, July 2009.
2009‐21
Intermittent Employment: Work Histories of Israeli Men and
Women, 1983–1995
Shoshana Neuman and Adrian Ziderman, July 2009.
2009‐22
National Aggregates and Individual Disaffiliation: An International
Study
Pablo Brañas‐Garza, Teresa García‐Muñoz and Shoshana Neuman, July 2009.
2009‐23

The Big Carrot: High‐Stakes Incentives Revisited

Pablo Brañas‐Garza, Teresa García‐Muñoz and Shoshana Neuman, July 2009.
2009‐24

The Why, When and How of Immigration Amnesties

Gil S. Epstein and Avi Weiss, September 2009.
2009‐25
Documenting the Brain Drain of «la Crème de la Crème»: Three
Case‐Studies on International Migration at the Upper Tail of the Education
Distribution
Frédéric Docquier and Hillel Rapoport, October 2009.
2009‐26
Remittances and the Brain Drain Revisited: The Microdata Show
That More Educated Migrants Remit More
Albert Bollard, David McKenzie, Melanie Morten and Hillel Rapoport, October
2009.
2009‐27
Implementability of Correlated and Communication Equilibrium
Outcomes in Incomplete Information Games
Igal Milchtaich, November 2009.
2010‐01
The Ultimatum Game and Expected Utility Maximization – In View of
Attachment Theory
Shaul Almakias and Avi Weiss, January 2010.
2010‐02
A Model of Fault Allocation in Contract Law – Moving From Dividing
Liability to Dividing Costs
Osnat Jacobi and Avi Weiss, January 2010.

2010‐03
Coordination and Critical Mass in a Network Market: An
Experimental Investigation
Bradley J. Ruffle, Avi Weiss and Amir Etziony, February 2010.
2010‐04
Immigration, fertility and human capital: A model of economic
decline of the West
Leonid V. Azarnert, April 2010.
2010‐05
Is Skilled Immigration Always Good for Growth in the Receiving
Economy?
Leonid V. Azarnert, April 2010.
2010‐06
The Effect of Limited Search Ability on the Quality of Competitive
Rent‐Seeking Clubs
Shmuel Nitzan and Kobi Kriesler, April 2010.
2010‐07

Condorcet vs. Borda in Light of a Dual Majoritarian Approach

Eyal Baharad and Shmuel Nitzan, April 2010.
2010‐08

Prize Sharing in Collective Contests

Shmuel Nitzan and Kaoru Ueda, April 2010.
2010‐09
Network Topology and Equilibrium Existence in Weighted Network
Congestion Games
Igal Milchtaich, May 2010.
2010‐10
The Evolution of Secularization: Cultural Transmission, Religion and
Fertility Theory, Simulations and Evidence
Ronen Bar‐El, Teresa García‐Muñoz, Shoshana Neuman and Yossef Tobol,
June 2010.
2010‐11

The Economics of Collective Brands

Arthur Fishman, Israel Finkelstein, Avi Simhon and Nira Yacouel, July 2010.
2010‐12

Interactions Between Local and Migrant Workers at the Workplace

Gil S. Epstein and Yosef Mealem, August 2010.
2010‐13
A Political Economy of the Immigrant Assimilation: Internal
Dynamics
Gil S. Epstein and Ira N. Gang, August 2010.
2010‐14

Attitudes to Risk and Roulette

Adi Schnytzer and Sara Westreich, August 2010.

2010‐15

Life Satisfaction and Income Inequality

Paolo Verme, August 2010.
2010‐16
The Poverty Reduction Capacity of Private and Public Transfers in
Transition
Paolo Verme, August 2010.
2010‐17

Migration and Culture

Gil S. Epstein and Ira N. Gang, August 2010.
2010‐18

Political Culture and Discrimination in Contests

Gil S. Epstein, Yosef Mealem and Shmuel Nitzan, October 2010.
2010‐19

Governing Interest Groups and Rent Dissipation

Gil S. Epstein and Yosef Mealem, November 2010.
2010‐20

Beyond Condorcet: Optimal Aggregation Rules Using Voting Records

Eyal Baharad, Jacob Goldberger, Moshe Koppel and Shmuel Nitzan,
December 2010.
2010‐21

Price Points and Price Rigidity

Daniel Levy, Dongwon Lee, Haipeng (Allan) Chen, Robert J. Kauffman and
Mark Bergen, December 2010.
2010‐22
Price Setting and Price Adjustment in Some European Union
Countries: Introduction to the Special Issue
Daniel Levy and Frank Smets, December 2010.
2011‐01
Business as Usual: A Consumer Search Theory of Sticky Prices and
Asymmetric Price Adjustment
Luís Cabral and Arthur Fishman, January 2011.
2011‐02

Emigration and democracy

Frédéric Docquier, Elisabetta Lodigiani, Hillel Rapoport and Maurice Schiff,
January 2011.
2011‐03

Shrinking Goods and Sticky Prices: Theory and Evidence

Avichai Snir and Daniel Levy, March 2011.
2011‐04

Search Costs and Risky Investment in Quality

Arthur Fishman and Nadav Levy, March 2011.

2011‐05
To What Extent do Investors in a Financial Market Anchor Their
Judgments? Evidence from the Hong Kong Horserace Betting Market
Johnnie E.V. Johnson, Shuang Liu and Adi Schnytzer, March 2011.
2011‐06

Attitudes to Risk and Roulette

Adi Schnytzer and Sara Westreich, March 2011.
2011‐07

False Consciousness in Financial Markets: Or is it in Ivory Towers?

Adi Schnytzer and Sara Westreich, March 2011.
2011‐08

Herding in Imperfect Betting Markets with Inside Traders

Adi Schnytzer and Avichai Snir, March 2011.
2011‐09

Painful Regret and Elation at the Track

Adi Schnytzer and Barbara Luppi, March 2011.
2011‐10
The Regression Tournament: A Novel Approach to Prediction Model
Assessment
Adi Schnytzer and Janez Šušteršič, March 2011.
2011‐11
Shorting the Bear: A test of anecdotal evidence of insider trading in
early stages of the sub‐prime market crisis
Les Coleman and Adi Schnytzer, March 2011.
2011‐12

SP Betting as a Self‐Enforcing Implicit Cartel

Adi Schnytzer and Avichai Snir, March 2011.
2011‐13
Testing for Home Team and Favorite Biases in the Australian Rules
Football Fixed Odds and Point Spread Betting Markets
Adi Schnytzer and Guy Weinberg, March 2011.
2011‐14
The Impact of Insider Trading on Forecasting in a Bookmakers' Horse
Betting Market
Adi Schnytzer, Martien Lamers and Vasiliki Makropoulou, March 2011.
2011‐15

The Prediction Market for the Australian Football League

Adi Schnytzer, March 2011.

2011‐16

Information and Attitudes to Risk at the Track

Adi Schnytzer and Sara Westreich, March 2011.
2011‐17

Explicit Evidence on an Implicit Contract

Andrew T. Young and Daniel Levy, March 2011.
2011‐18

Globalization, Brain Drain and Development

Frédéric Docquier and Hillel Rapoport, March 2011.

